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Researchers, industry partners, and public-sector leaders gathered in Lafayette, Louisiana for a two-day planning convening hosted
by the University of Louisiana at Lafayette as part of AHeAD (Accessible Healthcare through AI-Augmented Decisions) - a
collaborative initiative supported by the National Science Foundation (NSF) through its Industry-University Cooperative Research
Center (IUCRC) program.

The convening brought together teams from the University of Louisiana at Lafayette, Georgia Institute of Technology, the University
of Florida, and Tulane University, alongside healthcare providers, public health agencies, and industry partners. The goal was not
simply to showcase research, but to align on a shared agenda, pressure-test proposed projects, and ensure that emerging AI
capabilities are grounded in the operational realities of healthcare delivery - including constraints around staffing, data quality,
infrastructure, and regulatory oversight.

One theme surfaced clearly and repeatedly throughout the sessions: rural health access. That emphasis is timely. Across America's
health and human services systems, states are actively pursuing Rural Health Transformation (RHT) strategies - reimagining care
delivery models, workforce capacity, and digital infrastructure to better serve rural and underserved communities. The AHeAD
convening reflected that same urgency, focusing on AI systems that can operate in low-resource environments, support stretched
workforces, and expand access without compromising safety or trust.

What made the gathering notable was not a single breakthrough announcement or polished demo. It was the collective intent. This
was a working convening centered on how AI actually shows up in practice - in rural clinics, public health agencies, nursing homes,
and community settings - rather than how it performs in idealized conditions. That context matters for understanding the portfolio
of projects that followed.

The AHeAD Project Portfolio at a Glance
The projects discussed at the convening span multiple institutions and use cases, but together form a coherent, purpose-driven
portfolio:

Human-Centered Design of Conversational Agents for Diabetes Patient Education

Improving Public Health Analytics: An Agentic Co-Analyst Approach

Federated Learning Across Health Systems to Improve Chronic Disease Outcomes

Rapid Validation of Deep Learning Models through Interpretable Uncertainty Quantification

AI-Based Smartphone Retinal Imaging for Low-Resource Screening

Future Nursing Home and Multimodal AI

Automated Accessibility Testing for Disfluent Speech in Voice AI Systems

Securing Medical LLM-Based Agentic Systems through Adversarial Testing

AI-Enabled Chronic Care Management and Remote Patient Monitoring for Rural Clinics

Individually, each project tackles a specific challenge. Collectively, they point toward a deeper shift in how healthcare AI is being
designed: from generalized experimentation to targeted, accountable systems built for real-world care delivery.



The Core Question Isn't "Can AI Do This?" It's "Can AI Be Trusted to Do This - Here?"
Across the portfolio, the projects consistently confront the hardest problems in healthcare AI: rural and low-resource settings,
workforce shortages and cognitive overload, accessibility for people with disabilities, data privacy, safety, and security, and the
everyday challenge of earning clinical trust in environments where the margin for error is thin.

Rather than chasing general-purpose models, these teams are building domain-aware, human-centered systems that integrate
directly into workflows used by patients, clinicians, analysts, and public agencies. In rural health contexts, that integration is the
difference between a tool that looks promising on paper and a system that can operate reliably with limited staff, constrained
connectivity, and high variability across sites.

What the Projects Are Actually Trying to Achieve
At a high level, the portfolio clusters around four practical outcomes.

1. Better Decisions, Not More Automation

Several projects focus on augmenting humans rather than replacing them - particularly in high-stakes environments where
accountability cannot be outsourced. Agentic co-analysts aim to help Medicaid and public health teams synthesize data, draft
analyses, and respond faster during compressed legislative cycles. Clinical decision support tools are designed to integrate with EHR
workflows to improve chronic care coordination in rural clinics. Conversational agents expand patient education and follow-up
without positioning AI as a substitute for clinicians.

The emphasis is clear: reduce cognitive burden while preserving human judgment and responsibility.

2. Trust, Safety, and Accountability as First-Class Features

A significant portion of the portfolio addresses a question many AI initiatives sidestep: how do we know when an AI system is
wrong - or unsafe - before harm occurs? Projects focused on interpretable uncertainty quantification, adversarial testing of medical
LLM-based agents, and automated accessibility evaluation reflect a shared recognition that accuracy alone is not safety, and that
governance must be measurable, repeatable, and built into development cycles rather than retrofitted after deployment.

3. Access and Equity Built into the Architecture

Equity is not treated as an afterthought. It is embedded in system design. Federated learning approaches enable participation from
low-resource health systems without sharing raw data, reducing barriers for smaller hospitals and clinics. Smartphone-based retinal
imaging targets low-resource screening settings by replacing costly equipment and enabling screening closer to where patients live.
Multimodal AI projects are oriented around the realities of aging populations and long-term care environments, where staff capacity,
documentation burden, and patient complexity intersect.

This is AI designed for where care actually happens, not just where data is easiest to collect.



4. Translation Over Theory

Nearly every project includes defined MVPs, user studies, open-source deliverables, and explicit knowledge-transfer timelines. This
reflects a shared understanding that healthcare innovation often fails not in the lab, but in the last mile - especially in rural settings
where deployment constraints are real and unforgiving. The portfolio's bias toward implementation signals an effort to shorten the
distance between research results and operational value.

The Common Thread: Human-Centered Systems Thinking
Across institutions and domains, the portfolio converges on a shared philosophy:

Humans remain accountable

AI systems must explain themselves

Risk must be measurable

Access must be intentional

Deployment matters as much as discovery

In other words, this work treats AI not as a product, but as infrastructure embedded in social, clinical, and policy systems. That
framing is essential for partners who must weigh not only performance, but adoption, oversight, and sustained operations over
time.

Why This Matters Beyond Academia
For industry partners, policymakers, and public-sector leaders - particularly those engaged in Rural Health Transformation efforts -
this portfolio offers evidence-based pathways to responsible AI deployment. It also points to practical risk reduction: built-in
validation and safety approaches can lower regulatory and liability exposure, while federated and workflow-integrated designs can
support scaling across states, systems, and rural communities without relying on one-off pilots.

The opportunity is not just better tools, but a shared research-to-practice ecosystem that can produce repeatable patterns for
deployment.

The Bigger Signal
Taken together, the AHeAD portfolio signals a broader shift underway in healthcare AI: we are moving from tools that impress to
systems that endure. That shift - from experimentation to stewardship - is exactly what is required if AI is going to support rural
health access, workforce resilience, and equitable outcomes at scale. If this is what the next generation of AI-enabled healthcare
looks like, it is a future worth investing in - and building carefully.


